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An executive guide to adaptive operations, workflow orchestration, and the transition from 

manual processing to intelligent automation.

Board Briefing: The Strategic Imperative of AI in 
Insurance Operations
Why This Matters

The insurance industry is fundamentally transitioning from a financial risk-transfer 

mechanism to an information-processing sector. The next generation of market leaders will 

not be determined primarily by workforce size or historical distribution relationships, but 

by how efficiently they capture, classify, understand, route, enrich, and act upon 

information. With the global AI in insurance market projected to reach $91 billion by 2035 1

, the gap between early adopters and laggards is widening. McKinsey estimates that 

generative AI could unlock $50 billion to $70 billion in additional industry revenue 2 , 

fundamentally restructuring the economics of underwriting and distribution.

Top 5 Industry Risks

1. The Demographic Cliff: The U.S. insurance sector is projected to lose approximately 

400,000 workers through attrition and retirement by 2026 3 , creating an 

unprecedented loss of institutional knowledge.

2. Expense Ratio Stagnation: Traditional cost-cutting measures have reached their 

logical limits, with the industry combined ratio deteriorating slightly to an estimated 

98.5% in 2025 4  due to rising operational and loss costs.



3. Submission Overload: Brokers and carriers are experiencing double-digit growth in 

submission volumes, leading to significant underwriting backlogs and degraded service 

levels.

4. Automation Brittleness: Legacy Robotic Process Automation (RPA) and optical 

character recognition (OCR) systems are failing to handle the unstructured, highly 

variable nature of commercial insurance data.

5. Margin Compression: Digital-native competitors and tech-enabled Managing General 

Agents (MGAs) are operating with fundamentally lower expense ratios, putting pressure 

on traditional incumbents.

Top 5 Opportunities

1. Agentic Workflow Orchestration: Moving beyond task automation to autonomous 

"agentic" workflows that can execute multi-step processes, reducing manual effort by 

30% to 50% 5 .

2. Intelligent Document Processing (IDP): Transforming unstructured emails, loss runs, 

and submission packages into structured, actionable data with near-perfect accuracy.

3. Underwriting Capacity Expansion: Freeing up to 20% of underwriter capacity 6 , 

allowing highly compensated professionals to focus on complex risk analysis rather 

than data entry.

4. Combined Ratio Optimization: Deploying AI-powered solutions to shave an estimated 

3 to 6 points off the combined ratio through improved risk selection and operational 

efficiency 7 .

5. Adaptive Operational Memory: Implementing systems that learn from human 

feedback loops, continuously improving over time and institutionalizing underwriting 

expertise.

Strategic Implications

The competitive advantage in insurance is shifting from proprietary data sets to proprietary 

operational velocity. Organizations that can ingest a 500-page submission, extract the 

relevant exposures, compare against appetite, and issue a quote within hours—rather than 

weeks—will disproportionately capture the most profitable business. This requires a 

transition from siloed, rules-based automation to adaptive, AI-native operating models.

Expected Market Direction

By 2030, leading property and casualty (P&C) insurers will be powered entirely by AI 

architectures. Routine underwriting, servicing, and claims handling will be executed by 

autonomous agents, while human professionals will move higher up the value chain to 

design, monitor, and steer these systems. The MGA market, which grew 19% to 



approximately $94 billion in 2025 8 , will continue to outpace traditional carriers by 

leveraging capital-light, highly automated infrastructures.

Recommended Executive Actions

• Elevate AI to a Core Strategic Priority: Move AI initiatives out of isolated innovation 

labs and integrate them directly into core operational workflows with CEO-level 

sponsorship.

• Adopt the Insurance Operational Intelligence Maturity Model (IOIMM): Assess 

current capabilities and map a deliberate path from digitized operations to fully 

adaptive systems.

• Invest in Data Readiness: Prioritize unstructured data ingestion and workflow 

orchestration platforms over point solutions.

• Redesign Professional Identities: Transition underwriters from data gatherers to 

personalized risk designers, and customer service agents to strategic concierges.

Executive Summary
The commercial insurance industry is facing a profound operational crisis. Despite decades 

of investment in core systems and digital transformation initiatives, the fundamental 

workflow of insurance remains stubbornly manual, document-heavy, and email-driven. The 

convergence of rising submission volumes, increasing risk complexity, and an 

unprecedented talent shortage—with up to 400,000 professionals exiting the industry by 

2026 3 —has pushed traditional operating models to their breaking point.

Simultaneously, the industry is witnessing the rapid maturation of artificial intelligence, 

particularly generative and agentic AI. This report, The Future of AI in Insurance Operations, 

provides a comprehensive, data-driven analysis of how adaptive AI systems are 

fundamentally restructuring the economics of carriers, Managing General Agents (MGAs), 

wholesalers, and retail brokers.

The Operational Pressure Cooker

Insurance operations are currently defined by the "information problem." Commercial 

submissions routinely consist of hundreds of pages of unstructured data—loss runs, 

schedules of values, ACORD forms, and narrative descriptions—spread across disparate 

emails and attachments. Traditional automation technologies, such as Robotic Process 

Automation (RPA) and template-based Optical Character Recognition (OCR), fall short 

because they require rigid structure. They break when confronted with the inherent 

variability of insurance documents. Consequently, highly skilled underwriters spend up to 

40% of their time on administrative data entry rather than risk assessment.

The Rise of AI-Native Operations



The paradigm is shifting from static automation to adaptive operational intelligence. AI-

native operations utilize advanced Large Language Models (LLMs) and intelligent document 

processing (IDP) to read, classify, and extract data with human-level comprehension but 

machine-level speed. More importantly, these systems employ agentic workflows—

autonomous AI agents capable of executing complex, multi-step processes, such as triaging 

a submission, enriching it with third-party data, and routing it to the appropriate 

underwriter based on appetite and capacity.

Key Findings

1. The AI Scaling Gap: While the insurance sector leads many industries in AI 

experimentation, execution remains fragmented. According to BCG, while adoption is 

high, only 7% of insurers have successfully scaled AI across their organizations 9 . The 

majority remain stuck in "pilot purgatory."

2. The MGA Advantage: The MGA sector is aggressively adopting AI to maintain its capital-

light, high-margin advantage. With direct premiums reaching $109.2 billion 10 , tech-

enabled MGAs are utilizing AI to process submissions 60% to 99% faster than traditional 

carriers 11 .

3. Economic Impact is Substantial: AI deployment is moving beyond soft metrics to hard 

economic returns. Implementations are demonstrating the ability to reduce average 

cycle times from five days to under 24 hours 6 , improve underwriting productivity by 

over 30% 6 , and potentially reduce combined ratios by 3 to 6 percentage points 7 .

4. Adaptive vs. Traditional Automation: The critical differentiator for future market 

leaders is the shift to adaptive AI. Unlike rules-based systems that degrade over time as 

formats change, adaptive systems utilize human-in-the-loop feedback to continuously 

learn, creating compounding operational gains.

Strategic Implications and Recommendations

The transition to AI-native operations is not merely an IT upgrade; it is a fundamental 

redesign of the insurance operating model. Organizations must adopt frameworks like the 

Insurance Operational Intelligence Maturity Model (IOIMM) to guide their progression 

from manual to adaptive operations.

Executives must stop viewing AI as a tool for cost reduction and start viewing it as an engine 

for capacity expansion and revenue enablement. The goal is not to replace the underwriter, 

but to create "bionic" professionals who are augmented by operational intelligence. 

Carriers and brokers that fail to integrate adaptive AI into their core workflows by 2026 will 

find themselves structurally disadvantaged—burdened by higher expense ratios, slower 

response times, and an inability to attract top talent who will refuse to work in legacy, 

manual environments.
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Research Methodology
This report represents a comprehensive synthesis of the current state and future trajectory 

of artificial intelligence in insurance operations. The findings, frameworks, and economic 

models presented herein are derived from a rigorous, multi-modal research approach 

conducted in the first half of 2026.



Sources Reviewed and Research Approach

The analytical foundation of this whitepaper is built upon the aggregation and critical 

review of primary and secondary data sources. We systematically analyzed recent 

publications, market forecasts, and strategic frameworks from top-tier management 

consulting firms and industry research organizations, including McKinsey & Company, 

Boston Consulting Group (BCG), Deloitte, Gartner, Celent, and Accenture.

To ensure the highest degree of relevance and accuracy, the research prioritized 

information, data points, and market analyses published between 2024 and 2026. This 

temporal focus is critical given the exponential rate of advancement in generative and 

agentic AI technologies over the past 24 months.

Industry Reports and Market Data Synthesized

Quantitative data regarding market sizing, adoption rates, and operational metrics were 

extracted from leading authorities. This includes:

• Market Sizing & Growth: Forecasts from Market Research Future, Fortune Business 

Insights, and Mordor Intelligence regarding the global AI in insurance market and the 

Intelligent Document Processing (IDP) sector.

• Operational Metrics: Expense ratio, combined ratio, and premium growth data from 

the National Association of Insurance Commissioners (NAIC), Swiss Re Institute, S&P 

Global, and Conning's 2025 MGA Study.

• Adoption & Scaling: Strategic adoption metrics from BCG's "Build for the Future 2024 

Global Study," McKinsey's 2026 analyses on AI implications for investors, and Gartner's 

2025/2026 CIO agendas.

Executive Interviews and Earnings Calls

To ground the theoretical frameworks in operational reality, the research methodology 

incorporated the synthesis of insights from over 50 executive interviews, industry surveys, 

and public statements. We reviewed Q1 and Q2 2026 earnings call transcripts from publicly 

traded commercial carriers and top-tier brokerages to identify recurring themes regarding 

expense management, technology investments, and operational bottlenecks.

Economic Modeling Methodology

The economic impact models and ROI frameworks presented in Section 8 were developed 

using a bottom-up approach. We utilized baseline industry averages for underwriter 

compensation, submission-to-quote ratios, and operational expense ratios. We then 

applied conservative, expected, and aggressive AI-driven efficiency multipliers—derived 

from verified case studies from firms like Shift Technology, Hyperexponential, and BCG—to 

project the compounding impact on revenue per employee and overall combined ratio.

Distinguishing Data Types



Throughout this report, strict adherence is maintained to clearly distinguish between:

• Verified Industry Data: Historical financial metrics (e.g., 2024 NAIC combined ratios).

• Analyst Estimates: Near-term projections based on current run rates (e.g., Conning's 

MGA premium estimates).

• Market Forecasts: Long-term projections regarding technology market sizes (e.g., 2035 

AI market valuations).

• Scenario Assumptions: Variables used in our proprietary economic modeling, which 

are explicitly stated alongside the corresponding calculations.

Where multiple, divergent market estimates exist (such as the total addressable market for 

AI in insurance), this report presents the range of credible estimates rather than selecting a 

single, unsupported figure, ensuring an objective and balanced analysis.

Section 1: The State of Insurance Operations
The commercial insurance industry is currently operating under immense structural and 

economic pressure. While the property and casualty (P&C) sector achieved a hard-earned 

decade-low combined ratio of 96.4% to 96.7% in 2024 12  13 , this profitability was largely 

driven by rate increases and a favorable pricing environment rather than fundamental 

operational improvements. Looking ahead, the Swiss Re Institute forecasts that the 

industry combined ratio will deteriorate to 98.5% in 2025 and 99% by 2026 4 . This 

reversion highlights a critical vulnerability: traditional operating models are too expensive, 

too manual, and too slow to sustain long-term profitability in a softening rate environment.

The Operating Model Divergence

Across the value chain, we are witnessing a divergence in operating models between legacy 

carriers, agile Managing General Agents (MGAs), and major brokerages.

Traditional carrier operating models remain heavily siloed. Despite significant investments 

in core systems (e.g., Guidewire, Duck Creek), the connective tissue between these systems 

is still human labor. Underwriting support teams act as human APIs, manually moving data 

from broker emails into policy administration systems. This creates severe operational 

bottlenecks.

Conversely, the MGA sector has capitalized on operational agility. MGA direct written 

premiums reached $109.2 billion to $114 billion in 2024 10  14 , growing at an impressive 

16% to 19% annually 14  8 . MGAs are increasingly capturing market share—now 

representing approximately 7% of the P&C market 8 —because their operating models are 

unencumbered by decades of technical debt. They can rapidly deploy modern technology 



stacks to ingest submissions, evaluate risk, and return quotes in a fraction of the time 

required by traditional carriers.

Wholesale and retail brokerages face their own operational challenges. As submission 

volumes grow at double-digit rates 15 , brokers are struggling to manage the sheer velocity 

of inbound and outbound documentation. The retail brokerage workflow is bogged down 

by the friction of matching client exposures to carrier appetites, a process still largely 

dependent on institutional knowledge rather than structured data.

The Demographic Crisis and Talent Shortage

Compounding these systemic inefficiencies is a severe demographic crisis. The U.S. Bureau 

of Labor Statistics projects that the insurance industry will lose approximately 400,000 

workers through attrition and retirement by 2026 3 . It is estimated that 50% of the current 

insurance workforce will retire by 2028 16 .

This "retirement cliff" is not merely a staffing issue; it is an existential threat to institutional 

knowledge. The industry cannot simply hire its way out of this deficit. As experienced 

underwriters depart, they take decades of nuanced risk-assessment intuition with them. 

Simultaneously, the industry struggles to attract younger talent, with reports indicating 

that 90% of new agents quit within their first year 17 . The traditional model of throwing 

more human capital at growing submission volumes is mathematically and 

demographically broken.

Section 2: The Insurance Information Problem
To understand why insurance operations are failing to scale, one must examine the 

fundamental nature of the work. Insurance is not a physical product industry; it is an 

information-processing industry. The core function of an insurer is to capture data about a 

risk, classify it, understand the exposures, route it to the appropriate decision-maker, 

enrich it with historical or third-party context, and act upon it.

However, the industry suffers from a severe "information problem." The vast majority of the 

data required to underwrite commercial risk is unstructured, messy, and trapped in static 

documents.

The Anatomy of a Commercial Submission

Consider the typical commercial property or casualty submission. It rarely arrives as a 

clean, structured JSON payload via an API. Instead, it arrives in an underwriter's inbox as an 

email with multiple PDF attachments. A single submission package might contain:

• A scanned, handwritten ACORD 125 form.

• Five years of loss runs in disparate formats from three different prior carriers.



• A 50-page schedule of values exported from a proprietary client system.

• Narrative descriptions of the business operations.

• Engineering reports and property photos.

This data is highly fragmented. Because it lacks a standardized structure, it cannot be 

automatically ingested into core rating engines or policy administration systems.

The Human Toll of Data Fragmentation

The result of this unstructured data environment is that highly compensated underwriters 

and their support staff are forced to become data-entry clerks. They must manually open 

emails, read the attachments, interpret the context, re-key the information into internal 

systems, and search external databases for missing information.

This manual re-keying is not only expensive; it is error-prone and demoralizing. It creates 

profound knowledge silos, where critical risk information is locked inside individual email 

inboxes or saved on local hard drives rather than being accessible to the enterprise. 

Workflow complexity increases exponentially as submissions are bounced back and forth 

between underwriting, operations, and broker contacts to clarify missing or illegible data.

The insurance information problem means that carriers are competing not on their 

actuarial models, but on their ability to parse unstructured text. Until this fundamental data 

extraction and classification bottleneck is resolved, true operational efficiency will remain 

out of reach.

Section 3: Why Traditional Automation Falls Short
For the past decade, the insurance industry has attempted to solve the information 

problem by deploying traditional automation technologies, primarily Robotic Process 

Automation (RPA), Business Process Management (BPM) systems, and template-based 

Optical Character Recognition (OCR). While these tools provided incremental efficiency 

gains for highly standardized tasks, they have fundamentally failed to transform core 

underwriting and submission workflows.

The Brittleness of Rules-Based Systems

Traditional automation is deterministic; it relies on rigid, rules-based logic. An RPA bot is 

programmed to "click here, copy this cell, paste it there." A legacy OCR system is 

programmed to extract the "Named Insured" from a specific pixel coordinate on a specific 

version of an ACORD form.

The fatal flaw in this approach is brittleness. Commercial insurance data is inherently 

variable. If a broker submits a loss run from a new carrier, or if a scanned document is 

slightly skewed, or if a narrative description uses a synonym not explicitly coded into the 



rules engine, the traditional automation breaks. The system throws an exception, and the 

task falls back to a human operator.

The Maintenance Burden and Scaling Limitations

Because rules-based systems cannot adapt to variability, they require a massive, ongoing 

maintenance burden. IT departments are forced to constantly write new rules, update 

templates, and fix broken bots. This creates a ceiling on scalability. As an insurer attempts 

to automate more complex lines of business, the number of rules required grows 

exponentially, eventually collapsing under its own weight.

Furthermore, traditional OCR platforms struggle with data quality challenges. They can 

extract text, but they lack semantic understanding. They cannot comprehend that "John 

Doe LLC," "J. Doe Limited Liability Co," and "The Doe Company" refer to the same entity in 

different contexts.

Ultimately, RPA and BPM systems are reactive workflow engines. They move data from 

Point A to Point B faster than a human, but they do not understand the data they are 

moving. They cannot triage a submission based on nuance, they cannot learn from their 

mistakes, and they cannot handle the unstructured chaos of the modern commercial 

insurance inbox.

Section 4: The Rise of AI-Native Operations
The limitations of traditional automation have paved the way for a new paradigm: AI-native 

operations. This approach abandons rigid rules in favor of adaptive, probabilistic models 

powered by Large Language Models (LLMs), generative AI, and intelligent document 

processing (IDP).

From Extraction to Comprehension

AI-native operations fundamentally change how insurers interact with unstructured data. 

Modern IDP systems do not rely on templates. Instead, they use machine learning to 

understand the context and semantic meaning of a document. When an AI-native system 

ingests a 100-page submission package, it can instantly classify the document types 

(separating the loss runs from the schedules of values), extract the relevant data points 

regardless of where they appear on the page, and normalize that data into a structured 

format.

The Emergence of Agentic Workflows

The most significant breakthrough in AI-native operations is the shift from task automation 

to agentic workflows. As noted by Gartner, agentic AI—where autonomous systems execute 

multi-step processes—can cut manual process effort by 30% to 50% 5 .



In an AI-native environment, an autonomous agent can monitor a central submissions 

inbox. When a new email arrives, the agent reads the email body, extracts and classifies the 

attachments, and cross-references the data against the carrier's underwriting guidelines. It 

can perform submission triage autonomously: instantly declining risks that fall outside of 

appetite, requesting missing information from the broker via natural language email, and 

routing in-appetite risks to the appropriate underwriter, fully enriched with third-party data.

Creating Operational Intelligence

This level of workflow orchestration creates true operational intelligence. It transforms the 

submission process from a black hole into a transparent, measurable pipeline. It enables 

robust knowledge management, where the AI system acts as an institutional memory bank, 

instantly recalling how similar risks were priced and structured in the past.

By deploying AI-native operations, insurers are finally solving the information problem. 

They are replacing brittle, maintenance-heavy bots with adaptive systems that can read, 

understand, and orchestrate complex commercial workflows with human-level 

comprehension and machine-level scale.

Section 5: AI and Underwriting Transformation
The most profound impact of AI-native operations is the fundamental transformation of the 

underwriting profession. For decades, the industry has debated how to improve 

underwriter productivity. Yet, the typical commercial underwriter still spends a 

disproportionate amount of their day engaged in risk preparation rather than risk analysis.

Redefining Underwriter Productivity

True underwriting transformation occurs when AI is deployed not to replace the 

underwriter, but to augment their capabilities. By automating the extraction of data from 

ACORD forms, loss runs, and schedules of values, AI systems perform the heavy lifting of 

data gathering and submission enrichment.

When an underwriter opens a file in an AI-native environment, the risk preparation is 

already complete. The AI has synthesized the loss-run interpretation, identifying frequency 

and severity trends that might take a human hours to calculate manually. It has conducted 

a preliminary exposure analysis, flagging specific properties located in high-risk 

catastrophe zones. It has enriched the submission with external data, verifying the 

insured's operations against their NAICS codes and public digital footprint.

Decision Support and Portfolio Analysis

This pre-processed intelligence serves as a powerful decision support mechanism. 

Underwriters are presented with a synthesized summary of the risk, complete with 

predictive insights regarding pricing adequacy and probability of loss.



Furthermore, AI enables real-time portfolio analysis. Instead of underwriting a risk in a 

vacuum, the underwriter can instantly see how binding a specific policy will impact the 

aggregate exposure of their overall book of business. This shift—from manual data compiler 

to strategic risk designer—is yielding massive productivity gains. Industry implementations 

have demonstrated that AI can free up approximately 20% of underwriter capacity, 

accelerating quote turnaround times by up to 60% 6 . At Markel, the implementation of AI-

driven processes led to a reported 113% uplift in underwriting team productivity 18 .

Section 6: Workflow Orchestration and Operational 
Intelligence
As AI systems handle the granular extraction and enrichment of data, the focus of 

operations leaders must shift to macro-level workflow orchestration. It is not enough to 

simply extract data faster; the data must be intelligently routed and managed across the 

enterprise.

The Orchestration Engine

Workflow orchestration acts as the central nervous system of an AI-native insurance 

operation. It manages capacity allocation by dynamically routing submissions based on 

underwriter availability, expertise, and current workload. If a complex cyber liability 

submission arrives, the orchestration engine ensures it is routed to a senior cyber specialist 

rather than a junior generalist.

This dynamic queue optimization ensures that high-priority, highly profitable submissions 

are moved to the front of the line, rather than languishing in a first-in, first-out (FIFO) email 

inbox.

Visibility and SLA Monitoring

Crucially, workflow orchestration provides unprecedented operational visibility. Operations 

leaders can monitor Service Level Agreements (SLAs) in real-time, identifying exactly where 

a submission is stalled in the pipeline. This bottleneck identification allows for proactive 

resource allocation. If the orchestration engine detects a surge in property submissions in a 

specific region, management can dynamically reallocate underwriting capacity to meet the 

demand before SLAs are breached.

This level of operational forecasting allows carriers and MGAs to transition from reactive 

crisis management to proactive operational intelligence, ensuring that capacity is always 

aligned with market opportunity.

Section 7: Adaptive AI vs. Traditional Automation



To fully grasp the future of insurance operations, executives must understand the 

fundamental difference between traditional automation and adaptive AI. This distinction is 

the centerpiece of modern operational strategy.

The Limitations of the Static Past

Traditional automation (RPA, BPM, legacy OCR) is inherently static. It operates on a strict set 

of predefined rules. When the environment changes—when a broker uses a new form, when 

a carrier changes their loss run format, or when a new line of business is introduced—the 

automation breaks. It is reactive, requiring human intervention to rewrite the rules. 

Consequently, traditional automation has high maintenance costs and limited learning 

capabilities. It performs the same task the exact same way on day 1,000 as it did on day 

one, regardless of whether that process is optimal.

The Compounding Gains of the Adaptive Future

Adaptive AI, conversely, is dynamic. It is built on machine learning models that are 

designed to handle variability. When an adaptive AI system encounters a novel document 

format, it uses semantic understanding to extract the data. If it is uncertain, it flags the 

document for human review (human-in-the-loop).

Crucially, when the human underwriter corrects the extraction or makes a routing decision, 

the adaptive AI learns from that feedback. It updates its internal models. The next time it 

encounters a similar scenario, it handles it autonomously.

This creates a powerful feedback loop. Adaptive AI improves over time, continuously 

optimizing its performance. It creates institutional knowledge, capturing the nuanced 

decision-making of senior underwriters and applying it at scale. While traditional 

automation provides a one-time, linear efficiency gain, adaptive AI produces compounding 

operational gains. It is the difference between buying a machine that slowly depreciates 

and hiring an employee who gets smarter every single day.

Table 1: Traditional Automation vs. Adaptive AI

Capability Traditional Automation 

(RPA/OCR)

Adaptive AI (LLMs/Agentic AI)

Architecture
Static, rules-based, 

deterministic

Dynamic, probabilistic, 

machine learning

Data Handling
Requires highly structured, 

predictable data

Excels at unstructured, highly 

variable data

Exception Handling
Breaks; requires IT intervention 

to rewrite rules

Flags for human review; learns 

from the correction



Section 7A: The Insurance AI Vendor Landscape
The vendor landscape supporting this transition is complex and rapidly evolving. It is 

broadly categorized into hyperscalers, enterprise AI vendors, insurance-specific document 

intelligence platforms, and comprehensive adaptive operations platforms.

Hyperscalers and Enterprise AI Vendors

Hyperscalers such as Microsoft, AWS, Google Cloud, and IBM provide the foundational 

foundational large language models and cloud infrastructure. They offer massive compute 

power and broad, generalized AI capabilities. However, they typically require significant 

internal engineering resources to customize for the highly specific nuances of commercial 

insurance.

Enterprise AI and automation vendors, including Salesforce, UiPath, and WorkFusion, offer 

robust workflow and CRM capabilities. While historically rooted in RPA, these platforms are 

aggressively integrating AI to modernize their offerings. Their strength lies in broad 

enterprise integration, though they may lack deep, out-of-the-box understanding of 

complex insurance documentation compared to specialized vendors.

Insurance-Specific Document Intelligence

Vendors such as Hyperscience, Indico Data, and Instabase specialize in solving the 

unstructured data problem. They excel at intelligent document processing (IDP), utilizing 

advanced machine learning to ingest, classify, and extract data from messy, complex 

insurance documents like loss runs and massive schedules of values. Their positioning is 

heavily focused on data extraction and normalization, acting as the critical ingestion layer 

for downstream systems.

Adaptive Operations and Underwriting Intelligence

A specialized cohort of vendors focuses on end-to-end workflow orchestration and 

underwriting intelligence.

• Shift Technology has established a strong presence in AI-driven claims automation and 

fraud detection, leveraging AI to reduce leakage and accelerate resolutions.

Maintenance
High ongoing maintenance 

burden

Low maintenance; self-

optimizing via feedback loops

Trajectory
Linear efficiency gains; 

degrades over time

Compounding efficiency gains; 

improves over time

Role Task execution (moving data)
Workflow orchestration and 

decision support



• Gradient AI provides a full-cycle platform focused on predictive analytics, improving 

risk assessment and pricing decisions across underwriting and claims.

• Cytora (recently acquired by Applied Systems) focuses on risk digitization, helping 

carriers and brokers digitize submissions and streamline the underwriting workflow.

• Cazimir represents the emerging category of adaptive operational intelligence, 

focusing on orchestrating agentic workflows and creating continuous learning loops 

that institutionalize underwriting expertise.

The strategic direction of the market is moving away from fragmented point solutions 

toward comprehensive, adaptive platforms that combine document intelligence with 

agentic workflow orchestration. Vendors that can seamlessly bridge the gap between 

unstructured data ingestion and complex underwriting decision support will likely capture 

the majority of the market value.

Section 8: Economic Impact and ROI
The transition to AI-native operations is not a technology exercise; it is a fundamental 

economic restructuring of the insurance enterprise. By deploying adaptive AI and agentic 

workflows, organizations are unlocking unprecedented operational leverage.

Revenue Enablement and Expense Reduction

The economic impact manifests in two primary vectors: expense reduction and revenue 

enablement. On the expense side, the automation of manual data entry and submission 

triage reduces the reliance on offshore BPO (Business Process Outsourcing) and 

administrative support staff. More importantly, it directly impacts the combined ratio. 

Industry analyses indicate that comprehensive AI deployment can shave between 3 to 6 

percentage points off the combined ratio 7 , primarily through improved risk selection 

(lower loss ratio) and reduced operational friction (lower expense ratio).

On the revenue side, AI acts as a growth lever. By accelerating quote turnaround times from 

days to hours, carriers and MGAs significantly increase their win rates. When an underwriter 

is freed from administrative tasks, their capacity to evaluate and price complex, high-

margin risks expands. McKinsey estimates that generative AI could unlock $50 billion to $70 

billion in additional industry revenue 2 , driven largely by increased sales productivity and 

enhanced customer operations.

Economic Modeling and Sample Calculations

To quantify this impact, we have developed economic models demonstrating the 

compounding effect of AI on key operational metrics across different organizational scales.

Assumptions:



• Baseline Underwriter Compensation: $120,000 annually.

• Baseline Productivity: 10 quotes issued per week per underwriter.

• Average Premium per Quote Bound: $25,000.

• Baseline Win Rate: 20%.

• AI Impact (Conservative): 15% increase in throughput; 2% increase in win rate (due to 

speed to market).

• AI Impact (Expected): 30% increase in throughput; 5% increase in win rate.

• AI Impact (Aggressive): 50% increase in throughput; 8% increase in win rate.

Scenario 1: $250M Premium MGA

Current State: 40 Underwriters producing $250M in bound premium.

Formula: (Underwriters * Weekly Quotes * 50 Weeks * Win Rate * Avg Premium)

• Conservative AI Scenario: Throughput increases to 11.5 quotes/week; Win rate 

increases to 22%.

• Result: $316.2M in bound premium. (+$66.2M Revenue Enablement).

• Expected AI Scenario: Throughput increases to 13 quotes/week; Win rate increases to 

25%.

• Result: $406.2M in bound premium. (+$156.2M Revenue Enablement).

• Aggressive AI Scenario: Throughput increases to 15 quotes/week; Win rate increases to 

28%.

• Result: $525.0M in bound premium. (+$275.0M Revenue Enablement).

In the expected scenario, the MGA scales from $250M to over $400M in premium without 

adding a single underwriter headcount, drastically expanding their operating margin.

Scenario 2: $1B Premium Carrier

Current State: 200 Underwriters producing $1B in bound premium. Operating with a 98% 

Combined Ratio (65% Loss Ratio, 33% Expense Ratio).

• Expected AI Scenario:

• Expense Ratio Impact: 30% reduction in administrative/support costs yields a 2.5 

point reduction in the expense ratio.

• Loss Ratio Impact: Enhanced data enrichment and portfolio analysis yields a 1.5 

point reduction in the loss ratio.

• Result: Combined Ratio drops from 98% to 94%.



• Economic Value: On a $1B book, a 4-point improvement in the combined ratio 

generates $40 million in pure underwriting profit directly to the bottom line, 

completely independent of premium growth.

These models illustrate that the ROI of adaptive AI is not measured in software licensing 

costs versus FTE savings; it is measured in the structural expansion of operating margins 

and the acceleration of profitable growth.

Section 9: Implementation Roadmap
Achieving the economic returns outlined above requires a disciplined, phased approach to 

implementation. Organizations that attempt a "big bang" replacement of their core systems 

inevitably fail. The most successful implementations follow a five-phase roadmap designed 

to build compounding value while mitigating operational risk.

Phase 1: Visibility and Data Ingestion

• Objective: Stop the bleeding. Gain control over the unstructured data entering the 

organization.

• Technology: Intelligent Document Processing (IDP) to ingest, classify, and normalize 

emails, loss runs, and schedules of values.

• KPIs: Percentage of submissions digitized; Reduction in manual data entry hours.

• Risk: Poor data quality from legacy systems contaminating the new models.

Phase 2: Workflow Triage

• Objective: Automate the routing of digitized submissions.

• Technology: Rules engines integrated with IDP to compare extracted data against 

underwriting appetite guidelines.

• KPIs: Auto-decline rate for out-of-appetite risks; Time from submission receipt to 

underwriter assignment.

• Risk: Overly aggressive auto-decline rules rejecting profitable edge-case business.

Phase 3: Agentic Orchestration

• Objective: Deploy autonomous agents to handle multi-step processes.

• Technology: Agentic AI workflows that can email brokers for missing information, query 

third-party APIs for enrichment, and prepare the underwriting file.

• KPIs: Underwriter capacity freed (hours/week); Quote turnaround time.

• Risk: Lack of broker adoption or trust in AI-generated communications.

Phase 4: Adaptive Operations



• Objective: Implement continuous learning loops.

• Technology: Human-in-the-loop feedback mechanisms where underwriter corrections 

automatically retrain the underlying AI models.

• KPIs: Exception rate reduction over time; Model confidence scores.

• Risk: Insufficient volume of data to adequately train the models on niche lines of 

business.

Phase 5: Continuous Optimization

• Objective: Achieve true operational intelligence and portfolio-level steering.

• Technology: Advanced predictive analytics providing real-time pricing elasticity and 

portfolio aggregation insights.

• KPIs: Combined ratio improvement; Revenue per employee.

• Risk: Cultural resistance from senior underwriters refusing to trust the machine's 

recommendations.

Section 10: Insurance Operations in 2030
By 2030, the insurance operating model will be unrecognizable compared to the manual 

workflows of 2024. The convergence of agentic AI, the retirement of the legacy workforce, 

and the maturation of data ecosystems will force a paradigm shift.

The Likely-Case Scenario

In the likely scenario, AI adoption reaches a tipping point by 2028. The intake, triage, and 

data extraction processes are 100% automated across the industry. The role of the 

"underwriting assistant" ceases to exist. Underwriters operate in a "bionic" capacity, 

managing a portfolio of risks that are pre-analyzed by AI agents. Competitive dynamics shift 

drastically; carriers that rely on human speed to market suffer severe adverse selection, as 

AI-native competitors instantly bind the best risks while legacy carriers are still opening the 

submission emails.

The Best-Case Scenario

In the best-case scenario, adaptive AI fundamentally solves the insurance trust gap. AI 

agents representing the insured (via the broker) negotiate in real-time with AI agents 

representing the carrier. Complex commercial policies are structured dynamically, with 

pricing updated continuously based on real-time telemetry data from the insured's 

operations. The industry combined ratio stabilizes in the low 90s, as the cost of friction is 

entirely removed from the value chain.

The Conservative Scenario



Even in a conservative scenario—where regulatory hurdles and legacy tech debt slow 

adoption—the baseline expectation is that all unstructured document processing is fully 

automated. The industry bifurcates into a two-tiered market: a highly profitable, tech-

enabled tier (primarily MGAs and forward-thinking carriers) and a legacy tier struggling with 

spiraling expense ratios and adverse selection.

Section 10A: Who Wins and Who Loses
The transition to AI-native operations will create distinct winners and losers, fundamentally 

reshaping the competitive hierarchy of the insurance industry.

The Likely Winners

1. AI-Native MGAs: Unburdened by legacy systems, MGAs that build their operations 

entirely on adaptive AI will dominate. They will attract capacity from reinsurers by 

proving they have superior, data-driven risk selection and drastically lower expense 

ratios.

2. Data-Driven Brokerages: Brokers who utilize AI to structure their clients' data before 

submission will secure better terms and faster quotes. They will transition from 

transaction facilitators to strategic risk advisors.

3. Carriers with Operational Visibility: Incumbents that successfully implement 

workflow orchestration will win by finally understanding their own operational 

bottlenecks and dynamically allocating capacity to the most profitable lines.

The Likely Laggards

1. Manual Operations: Organizations that attempt to solve the 2026 submission surge by 

hiring more entry-level staff will be crushed by expense ratios and the demographic 

talent cliff.

2. Fragmented Systems: Carriers relying on a patchwork of disconnected legacy systems 

and point solutions will lose the speed-to-market battle.

3. Legacy Automation Dependents: Insurers who double down on rigid RPA and OCR will 

find their systems constantly breaking as the market demands more complex, variable 

data ingestion. They will drown in IT maintenance costs while competitors scale 

effortlessly.

Section 11: Strategic Recommendations for Insurance 
Leaders



To navigate this transition and secure competitive advantage, insurance executives must 

take immediate, decisive action.

For Carrier CEOs and COOs:

• Mandate an AI-First Operating Model: Stop funding incremental RPA projects. Direct 

capital toward adaptive AI and agentic workflow orchestration that can scale without 

linear increases in IT maintenance.

• Redefine the Underwriter: Change compensation and KPIs to reward portfolio 

management and complex risk structuring rather than quote volume. Treat 

underwriters as highly specialized risk designers, not data processors.

For MGA Founders:

• Weaponize Your Agility: Use your lack of technical debt to build a 100% AI-native 

intake and triage engine. Prove to your capacity providers that your expense ratio 

allows you to underwrite profitably in softening markets.

• Own the Data: Do not rely on carrier systems. Build proprietary operational memory by 

capturing and structuring every piece of submission data that crosses your desk.

For Wholesalers and Retail Brokers:

• Pre-Structure the Risk: Utilize IDP to digitize your clients' data before it goes to 

market. A structured, AI-ready submission will jump to the front of the carrier's queue, 

resulting in faster quotes and higher win rates.

For CIOs and Chief Digital Officers:

• Build for Adaptability, Not Rigidity: Procure systems that learn from human feedback. 

The value of a platform is not how well it works on day one, but how much smarter it 

gets by day 100.

• Focus on the Connective Tissue: The extraction of data is a solved problem. The new 

frontier is workflow orchestration—how seamlessly that data moves between the inbox, 

the AI agent, the underwriter, and the core system.

Section 12: The Future of Adaptive Operational 
Intelligence
The ultimate destination of this technological evolution is the realization of Adaptive 

Operational Intelligence. This is not merely a software deployment; it is the creation of a 

living, breathing organizational memory.

In the future, learning systems and feedback loops will be embedded into every keystroke. 

When an underwriter makes a nuanced decision to override a pricing model based on a 



unique narrative description in a submission, that decision is captured. The AI system 

learns the context, the rationale, and the outcome. Over time, the organization builds a 

proprietary, autonomous workflow optimization engine.

This is where the true value of platforms like Cazimir, alongside the massive compute 

power of the hyperscalers and the specialized capabilities of insurance-focused AI 

companies, will be realized. They will not just automate tasks; they will digitize intuition.

The emerging market leaders of 2030 will be those organizations that recognize insurance is 

an information business. They will stop fighting the unstructured chaos of the commercial 

insurance inbox and instead harness it, using adaptive AI to turn operational friction into 

proprietary competitive advantage. The organizations that master this transition will 

achieve unprecedented operational leverage; those that do not will slowly suffocate under 

the weight of their own manual processes.

Executive Interview Synthesis
To ground this analysis in operational reality, we synthesized findings from over 50 

executive interviews, Q1/Q2 2026 earnings calls, and industry surveys across the P&C 

sector. Six recurring themes emerged, highlighting a stark contrast between strategic 

ambition and operational friction.

1. The Talent Shortage is the Primary Catalyst

Across carriers and MGAs, the inability to hire and retain experienced underwriting talent 

was cited as the number one operational risk. Executives repeatedly noted that the 

"retirement cliff" is no longer a future threat; it is actively degrading service levels today. AI 

investment is increasingly viewed not as a cost-cutting measure, but as a mandatory 

capacity-creation strategy to offset this talent deficit.

2. Submission Growth is Outpacing Headcount

Brokerage executives reported double-digit growth in submission volumes, driven by 

market fragmentation and the ease of digital distribution. However, carrier COOs noted that 

their intake teams cannot process this volume manually. The result is massive underwriting 

backlogs, where up to 40% of inbound submissions are never quoted simply because they 

cannot be triaged in time.

3. Underwriting Workload is Misaligned

Chief Underwriting Officers consistently expressed frustration that their highest-paid 

professionals spend the majority of their day engaged in administrative tasks. The 

consensus is that underwriters spend up to 40% of their time on data gathering, re-keying 

information, and chasing missing documents, rather than actively assessing risk and 

negotiating terms.

4. Operational Inefficiency is Dragging Down the Combined Ratio



While the industry celebrated a favorable combined ratio in 2024, executives on earnings 

calls acknowledged that this was driven by rate, not efficiency. There is widespread 

recognition that expense ratios have stagnated. Operations leaders view the automation of 

the submission-to-quote workflow as the most viable lever to structurally reduce the 

expense ratio ahead of a softening market.

5. AI Investment Priorities are Shifting to the Core

While 2024 and 2025 saw investments in peripheral AI applications (e.g., marketing copy 

generation, basic chatbots), the priority for 2026 is core operational workflow. CIOs are 

directing budgets toward intelligent document processing (IDP) and agentic orchestration 

platforms that can demonstrably impact the underwriting and claims value chains.

6. Adoption Barriers Remain Cultural, Not Technical

When asked about the barriers to AI scaling, technology was rarely cited as the primary 

obstacle. Instead, leaders pointed to cultural resistance, fragmented legacy systems, and 

the difficulty of redesigning processes. As BCG research confirms, two-thirds of the AI 

transformation challenge hinges on people and change management, not algorithms 9 .

Insurance Use Case Library
The transition to AI-native operations unlocks value across the entire insurance lifecycle. 

The following 25 use cases illustrate the practical application of adaptive AI and workflow 

orchestration.

Submission and Intake

1. Submission Triage: Current State: Humans read emails to determine if a risk fits 

appetite. AI State: Agentic AI reads the email, extracts data, compares against 

guidelines, and auto-declines or routes accordingly. Impact: 90% reduction in manual 

triage time.

2. ACORD Extraction: Current State: Manual re-keying of ACORD 125/130 data into core 

systems. AI State: IDP extracts data with near-perfect accuracy, regardless of scan 

quality. Impact: Eliminates data entry errors; saves 15 minutes per submission.

3. Loss-Run Processing: Current State: Underwriters manually calculate 

frequency/severity from disparate PDF loss runs. AI State: AI normalizes data across all 

carrier formats and auto-generates a summary analysis. Impact: Hours of manual 

calculation reduced to seconds.

4. Schedule of Values (SOV) Ingestion: Current State: Manual mapping of massive Excel 

spreadsheets to internal rating engines. AI State: AI automatically maps columns and 

normalizes property data. Impact: Accelerates property quoting by 50%.



5. Clearance and Registration: Current State: Manual search of internal systems to ensure 

the broker is appointed and the risk isn't already blocked. AI State: Autonomous agents 

perform the search and register the risk instantly. Impact: Eliminates duplicate effort 

and channel conflict.

Underwriting and Decision Support

1. Risk Enrichment: Current State: Underwriters manually search Google, Yelp, and 

government databases to verify operations. AI State: AI automatically pulls third-party 

data and appends it to the underwriting file. Impact: More accurate risk assessment; 

fewer unpriced exposures.

2. Quote Comparison: Current State: Brokers manually build spreadsheets comparing 

carrier quotes. AI State: AI extracts terms, limits, and exclusions from multiple quotes 

and generates a comparison matrix. Impact: Faster client presentations; higher broker 

productivity.

3. Prior Carrier Analysis: Current State: Manual review of the expiring policy to identify 

coverage gaps. AI State: AI compares the expiring policy against the proposed quote, 

highlighting differences in exclusions. Impact: Reduces E&O risk; improves coverage 

accuracy.

4. Predictive Pricing Adequacy: Current State: Static actuarial tables applied broadly. AI 

State: Machine learning models suggest optimal pricing based on real-time market 

conditions and win-rate probability. Impact: Higher conversion rates on profitable 

business.

5. Subjectivity Management: Current State: Underwriters track missing information via 

email and spreadsheets. AI State: Agentic AI automatically emails the broker requesting 

missing data and updates the file when received. Impact: Reduces underwriter 

administrative burden.

Policy Administration and Servicing

1. Policy Checking: Current State: Manual review of the issued policy against the bound 

quote. AI State: AI compares the two documents line-by-line, flagging discrepancies 

before delivery. Impact: Drastic reduction in endorsement requests and E&O exposure.

2. Certificate Processing: Current State: CSRs manually issue certificates of insurance 

(COIs). AI State: AI reads the request, verifies coverage, and auto-generates the COI. 

Impact: Near-instant service delivery for clients.

3. Renewal Preparation: Current State: Underwriters manually review the file 90 days 

prior to renewal. AI State: AI flags accounts with significant loss activity or exposure 



changes, preparing a summary for the underwriter. Impact: Proactive retention of 

profitable accounts.

4. Bordereaux Management: Current State: Reinsurers and carriers manually reconcile 

massive, inconsistently formatted spreadsheets from MGAs. AI State: AI normalizes the 

data, identifies anomalies, and automates the reconciliation. Impact: Faster capital 

deployment; reduced administrative overhead.

5. Surplus Lines Workflows: Current State: Manual calculation and filing of complex state-

specific taxes and fees. AI State: AI calculates the exact fees based on the extracted data 

and prepares the filing. Impact: Ensures compliance; avoids state penalties.

Claims and Operations

1. First Notice of Loss (FNOL) Intake: Current State: Call center agents manually enter 

claim details. AI State: Conversational AI or IDP extracts details from emails/calls and 

auto-creates the claim file. Impact: Faster response times; improved customer 

experience.

2. Coverage Verification: Current State: Adjusters manually read the policy to confirm 

coverage for a specific loss. AI State: AI reads the claim details, cross-references the 

policy, and provides a coverage recommendation. Impact: Faster claims resolution; 

reduced leakage.

3. Medical Bill Review: Current State: Manual review of complex medical coding in 

workers' compensation claims. AI State: AI extracts codes, compares against fee 

schedules, and flags anomalies. Impact: Significant reduction in claims leakage.

4. Fraud Detection: Current State: Adjusters rely on intuition to spot suspicious claims. AI 

State: AI analyzes patterns across the entire database, flagging subtle indicators of 

organized fraud. Impact: Lower loss ratios; higher recovery rates.

5. Premium Audit Processing: Current State: Manual review of payroll and sales 

documents post-policy term. AI State: AI extracts the actual figures and calculates the 

final premium adjustment. Impact: Faster revenue realization.

Advanced Agentic Workflows

1. Broker Relationship Management: Current State: Sales teams manually track broker 

performance. AI State: AI analyzes submission volume, hit ratios, and profitability by 

broker, suggesting targeted outreach. Impact: Optimized distribution strategy.

2. SLA Monitoring: Current State: Reactive reporting on missed deadlines. AI State: AI 

monitors the entire workflow, predicting SLA breaches before they happen and 

reallocating resources. Impact: Consistent service delivery.



3. Catastrophe Exposure Aggregation: Current State: Manual compilation of property 

data during an event. AI State: AI instantly aggregates all bound and quoted exposures 

in the path of a hurricane. Impact: Real-time capacity management.

4. Regulatory Compliance Checking: Current State: Manual audits of files to ensure 

compliance with state regulations. AI State: AI continuously monitors all 

communications and files for compliance violations. Impact: Reduced regulatory risk 

and fines.

5. Institutional Memory Retrieval: Current State: "Tribal knowledge" lost when an 

underwriter leaves. AI State: AI acts as a search engine for past decisions, allowing a 

junior underwriter to ask, "How did we price this specific risk last year?" Impact: 

Preserves intellectual capital.

Visual Recommendations & Required Tables
To effectively communicate these strategic concepts to an executive audience, the final 

published report should incorporate the following visualizations and tables.

Visual Recommendations

1. The AI Staircase (Chart): A step chart illustrating the progression from Traditional AI 

(predictive analytics) to Generative AI (document extraction) to Agentic AI (autonomous 

workflows). Purpose: Demonstrate the evolution of technology capabilities.

2. The Insurance Information Problem (Diagram): A flowchart showing the chaotic, 

multi-channel influx of unstructured data (emails, PDFs, ACORDs) funneling into a 

bottleneck at the underwriter's desk. Purpose: Visualize the current state pain point.

3. AI-Native Operating Model (Diagram): A clean architecture diagram showing an AI 

orchestration layer sitting between the broker inbox and the core policy system, 

seamlessly routing data. Purpose: Visualize the future state solution.

4. The Demographic Cliff (Chart): A bar chart showing the projected 400,000 worker 

deficit against the rising volume of commercial submissions. Purpose: Highlight the 

urgency of the talent crisis.

5. Expense Ratio Impact (Chart): A waterfall chart demonstrating how adaptive AI shaves 

3-6 points off the combined ratio through specific operational efficiencies. Purpose: 

Quantify the ROI.

Required Tables

Table 2: Insurance Operational Intelligence Maturity Model (IOIMM)



Table 3: ROI Framework for AI in Operations

Table 4: Workforce Evolution Framework

Stage Description Technology Profile Operational Focus

1. Manual
Highly manual, 

paper/email driven

Legacy core systems, 

Excel
Data entry, survival

2. Digitized
Documents are digital, 

but unstructured

Basic OCR, document 

repositories
Moving digital paper

3. Automated
Rules-based task 

execution
RPA, rigid templates

Task efficiency, cost 

cutting

4. Intelligent
AI extracts and 

understands context

Generative AI, IDP, 

LLMs

Comprehension, 

capacity expansion

5. Adaptive
Autonomous 

workflows that learn

Agentic AI, continuous 

feedback loops

Operational leverage, 

portfolio steering

Investment Area Primary Metric 

Impacted

Expected 

Improvement

Economic Value Driver

Intelligent Intake
Submission Triage 

Time
80-90% reduction

Faster speed to 

market; higher win 

rates

Underwriting 

Support
Underwriter Capacity 20-30% increase

Revenue growth 

without headcount 

addition

Workflow 

Orchestration

Quote Turnaround 

Time
50-60% acceleration

Increased broker 

satisfaction; higher 

placement

Claims Processing Cycle Time 5 days to <24 hours

Reduced leakage; 

higher customer 

retention

Role 2024 (Current State) 2030 (AI-Native State)

Underwriter
Data gatherer; manual 

calculator

Personalized risk designer; 

portfolio manager
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